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This study examines how individual cultural orientation influences social media consumption patterns, engagement behaviors, and purchase
intentions among consumers in Telangana, India. Despite India's rapid digital adoption, empirical research examining within-culture
variation in social media behavior remains sparse. Using primary survey data (n=425) from urban and semi-urban Telangana, we employ
Structural Equation Modeling (SEM) and multivariate regression to test relationships between cultural values (individualism-collectivism,
power distance), usage motives (entertainment, information-seeking, social connection), platform preferences, and consumer outcomes.
Results reveal that collectivist orientation significantly predicts preference for visually-oriented platforms (Instagram, YouTube) and passive
consumption behaviors, while individualist orientation associates with expressive platforms (Twitter/X) and active content creation.
Entertainment motives mediate the relationship between cultural orientation and engagement intensity. Privacy concerns moderate purchase
intention across all platform types. Findings contribute to understanding intra-cultural heterogeneity in emerging digital markets and offer
actionable insights for platform designers and marketers targeting diverse consumer segments within rapidly digitalizing regions. This research
addresses critical gaps in cross-platform consumption literature by focusing on regional cultural dynamics in India's digital economy.
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1. INTRODUCTION

India's digital revolution has positioned it as the world's largest
social media market by user base, with over 467 million active
users as of 2024 (Kemp, 2024). Telangana state, with
Hyderabad as a major technology hub, exemplifies India's
digital transformation—witnessing exponential growth in
smartphone penetration, internet accessibility, and social media
adoption across urban and peri-urban populations. However,
this dramatic growth masks substantial heterogeneity in how
consumers engage with digital platforms.

While extant literature extensively documents cross-national
differences in social media behavior (Hofstede, 2001; Okazaki
& Taylor, 2013), research examining within-country cultural
variation—particularly in  emerging markets—remains
underdeveloped. India presents a unique context: despite shared
nationality, consumers exhibit diverse cultural orientations
shaped by regional traditions, linguistic diversity, education
levels, and urbanization patterns. Telangana's population
reflects this diversity, blending traditional collectivist values
with individualistic aspirations catalyzed by technological
exposure and economic development.

=

Understanding these dynamics carries significant practical
implications. Global platforms like Facebook, Instagram,
WhatsApp, YouTube, and emerging players like ShareChat
compete for user attention and advertising revenue. Marketers
require granular insights into how cultural predispositions
shape platform choice, content preferences, engagement
intensity, and ultimately, purchase behaviors. Yet current
literature predominantly relies on national-level cultural
aggregates (country scores on Hofstede dimensions) or
Western-centric samples, limiting applicability to India's
heterogeneous consumer base.

This study addresses these gaps by investigating:

RQ1: How does individual cultural orientation (individualism-
collectivism, power distance) influence social media platform
preferences and usage patterns among Telangana consumers?
RQ2: What role do usage motives (entertainment, information,
social connection) play in mediating the relationship between
cultural orientation and engagement behaviors?

RQ3: How do trust and privacy concerns moderate the impact
of platform engagement on purchase intentions?
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By focusing on within-region cultural variation using validated
individual-level cultural scales, multi-platform comparative
analysis, and rigorous measurement validation, this research
extends consumer behavior theory in digital contexts and
provides evidence-based recommendations for platform
strategy in India's burgeoning digital economy.

2. LITERATURE REVIEW AND RESEARCH GAP
2.1 Social Media Consumption and Cultural Frameworks
Social media consumption research has proliferated since 2015,
driven by platforms' centrality to commerce, communication,
and identity construction (Appel et al., 2020). Early studies
established that culture shapes digital behavior, with collectivist
societies favoring group-oriented features and relationship
maintenance, while individualist cultures emphasize self-
expression and personal branding (Choi et al., 2016; Kim et al.,
2019).

Hofstede's cultural dimensions—particularly individualism-
collectivism (IND-COL), power distance (PD), and uncertainty
avoidance (UA)—have dominated theoretical frameworks.
Cross-national studies confirm that IND-COL predicts
disclosure patterns, privacy expectations, and platform
preferences (Rathore et al., 2016; Zhang et al., 2018). For
instance, U.S. users exhibit higher self-disclosure than Chinese
users, attributed to individualist versus collectivist cultural
conditioning (Chen & Sharma, 2015). Similarly, high power
distance cultures demonstrate greater deference to influencer
recommendations and celebrity endorsements on social
platforms (Lee & Eastin, 2020).

However, recent critiques highlight limitations. Dheer et al.
(2019) argue that country-level cultural scores obscure within-
nation heterogeneity, particularly in large, diverse populations
like India, Brazil, or Indonesia. Cultural orientation varies by
urban-rural residence, education, age cohort, and global media
exposure—dynamics not captured by national averages.

Additionally, most studies examine single platforms
(predominantly =~ Facebook  or  Instagram), limiting
understanding of cross-platform consumption patterns

(Rietveld et al., 2020).

2.2 Uses and Gratifications in Digital Context

Uses and Gratifications Theory (U&GT) posits that consumers
actively select media to satisfy specific needs: entertainment,
information-seeking, social interaction, and self-expression
(Whiting & Williams, 2013; Malik et al., 2016). Meta-analyses
confirm entertainment and social connection as primary drivers
of platform engagement globally (Alhabash & Ma, 2017). Yet
cultural context moderates motive salience: Asian consumers
prioritize relationship maintenance over self-promotion
compared to Western counterparts (Ng, 2020).

Recent extensions examine motive-platform fit. YouTube and
Instagram satisfy entertainment needs through visual content;
Twitter/X serves information-seeking; WhatsApp facilitates
interpersonal communication (Sheldon & Bryant, 2016; Khan,
2017). Indian studies validate these patterns but rarely test
cultural moderation systematically (Duffett, 2017; Shareef et
al., 2019). Moreover, most employ exploratory designs without
hypothesis testing or multivariate controls, limiting causal
inference.
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2.3 Platform-Specific Behavior and Engagement

Platform architectures shape consumption patterns. Visual
platforms (Instagram, YouTube, TikTok) encourage passive
browsing and entertainment consumption, while text-based
platforms (Twitter/X, Reddit) support active discourse and
information exchange (Auxier & Anderson, 2021).
Engagement behaviors—Iliking, commenting, sharing, content
creation—vary across platforms and cultures (van Dijck &
Poell, 2015).

Empirical evidence shows collectivist users favor platforms
enabling family-friend connectivity (WhatsApp, Facebook
groups), while individualists prefer public-facing networks for
personal branding (LinkedIn, Twitter) (Liu et al., 2018).
However, Indian research remains descriptive; few studies
employ validated cultural measures or test moderation effects
quantitatively (Gupta & Bashir, 2018).

2.4 Trust, Privacy, and Consumer Outcomes

Privacy concerns critically influence platform adoption and
purchase intentions, especially post-Cambridge Analytica and
increasing data breaches (Trepte et al., 2017; Kokolakis, 2017).
High uncertainty avoidance cultures exhibit greater privacy
sensitivity and lower trust in platform data practices (Krasnova
et al.,, 2020). Indian consumers express heightened privacy
concerns given limited digital literacy and regulatory gaps, yet
empirical studies testing privacy as moderator of purchase
behavior are scarce (Bhandari & Bimo, 2022).

Consumer outcomes—ad receptivity, brand engagement,
purchase intention—constitute key dependent variables. Social
media advertising effectiveness depends on platform type,
content format, and consumer trust (Knoll, 2016; Martinez-
Lopez et al, 2020). Cultural values moderate these
relationships: collectivists respond to community-endorsed ads,
individualists to personalized messaging (Goodrich & de
Mooij, 2021). Yet limited research examines these mechanisms
in Indian regional contexts with rigorous measurement.

2.5 Research Gaps and Study Contributions

Despite substantial progress, four critical gaps persist:

Gap 1 — Over-reliance on WEIRD samples and national-
level culture: Most studies sample Western populations or use
national cultural scores, ignoring within-country variation.
India's vast diversity necessitates regional, individual-level
analysis (Henrich et al., 2010).

Gap 2 — Single-platform focus: Studies isolate Facebook or
Instagram, missing cross-platform consumption patterns
increasingly characteristic of modern users who maintain multi-
platform portfolios (Rietveld et al., 2020).

Gap 3 — Weak measurement practices: Many studies lack
scale validation, measurement invariance checks, or
multivariate controls, threatening construct validity and
limiting comparability (Araujo et al., 2020).

Gap 4 — Limited regional evidence from emerging markets:
India-specific research remains nascent, with few theory-driven
empirical studies examining cultural moderation of usage
motives and consumer outcomes (Shareef et al., 2019).

This study addresses these gaps through: (a) individual-level
cultural orientation measures in Telangana, (b) multi-platform
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comparative design, (c) rigorous scale validation and SEM 3. THEORETICAL FRAMEWORK AND
modeling, and (d) hypothesis-driven testing of cultural HYPOTHESES

moderation and motive mediation. By doing so, we contribute  Figure 1 presents our conceptual model integrating cultural
theoretical precision and managerial applicability to digital orientation, usage motives, platform preferences, engagement
consumer behavior research in emerging markets. behaviors, and purchase intentions.

[Figure 1: Conceptual Model — Insert visual showing Cultural Orientation — Motives — Platform Preference/Engagement
— Purchase Intention, with Privacy Concerns as moderator]|

Figure 1: Conceptual Model
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3.1 Cultural Orientation and Platform Preferences
Drawing on Hofstede and U&GT, we theorize cultural
orientation shapes platform selection through value-platform
fit. Collectivist individuals prioritize relational harmony and
group belonging, aligning with platforms facilitating private
communication and community content (WhatsApp, Facebook
groups, Instagram visual sharing). Individualists value
autonomy and self-expression, favoring platforms enabling
public discourse and personal brand building (Twitter/X,
LinkedlIn).

H1a: Collectivist orientation positively predicts preference for
visually-oriented relationship platforms (Instagram, YouTube).
H1b: Individualist orientation positively predicts preference
for text-based expressive platforms (Twitter/X).

Power distance reflects acceptance of hierarchical structures.
High-PD individuals may defer to influencer authority,
preferring platforms with clear status hierarchies and celebrity
content.

H2: High power distance orientation positively predicts
engagement with influencer-led content across platforms.

3.2 Motives as Mediators

Cultural orientation influences platform choice indirectly
through differential motive activation. Collectivists prioritize
social connection motives; individualists emphasize self-
expression. Entertainment motives bridge both orientations.
H3: Entertainment motives mediate the relationship between
cultural orientation and platform engagement intensity.

H4: Social connection motives mediate the collectivism-
engagement relationship.

3.3 Engagement and Purchase Intentions

Active engagement (posting, commenting) signals involvement
and receptivity to commercial messaging. Passive browsing
yields weaker conversion effects.

HS: Active engagement behaviors positively predict purchase
intentions more strongly than passive browsing.

3.4 Privacy as Moderator

Privacy concerns dampen the engagement-purchase link by
reducing trust in platform advertising and data practices.

H6: Privacy concerns negatively moderate the relationship
between platform engagement and purchase intentions.

4. METHODOLOGY

4.1 Research Design and Setting

This cross-sectional survey study targets social media users in
Telangana state, India. Telangana offers an ideal context:
Hyderabad anchors South India's IT corridor, attracting diverse
populations with varying educational, linguistic, and cultural
backgrounds. The state blends urban sophistication with
traditional rural values, enabling examination of cultural
orientation variation.

4.2 Sampling Strategy

We employed stratified purposive sampling across three zones:
Hyderabad metropolitan (urban), secondary cities (Warangal,
Karimnagar—semi-urban), and district towns (rural-adjacent).
Eligibility criteria: age 18-55, active social media user
(minimum 30 minutes daily), smartphone ownership.
Recruitment occurred via university networks, professional

€

associations, and snowball sampling to ensure demographic
diversity.

Target sample: n=450 based on SEM requirements (10-15
observations per estimated parameter; ~30 parameters = 300-
450 minimum). Final valid responses: n=425 (94.4% response
rate) collected June-September 2024.

4.3 Survey Instrument and Measures

The structured questionnaire comprised seven sections:
Cultural Orientation: Adapted Singelis (1994) and Triandis
& Gelfand (1998) scales measuring individualism-collectivism
(8 items, e.g., "I prefer working in teams," "I value personal
achievement") and power distance (5 items, e.g., "Authority
figures should be respected unconditionally™). 7-point Likert
scales (1=strongly disagree, 7=strongly agree).

Platform Usage: Self-reported weekly hours and daily
frequency for seven platforms: WhatsApp, Facebook,
Instagram, YouTube, Twitter/X, LinkedIn, ShareChat.
Platform preference ranked 1-7.

Usage Motives: Adapted from Whiting & Williams (2013):
Entertainment (4 items), Information-seeking (4 items), Social
connection (4 items), Self-expression (3 items). 7-point Likert.

Engagement Behaviors: Active (posting, commenting,
sharing—>5 items) and Passive (browsing, liking—3 items)
scales. 7-point frequency scale (l=never, 7=multiple times
daily).

Privacy Concerns: Adapted Malhotra et al. (2004) Internet
Users' Information Privacy Concerns (IUIPC): Collection,
Control, Awareness (9 items). 7-point Likert.

Purchase Intentions: Three items measuring willingness to
purchase products advertised on social media (adapted from
Schivinski & Dabrowski, 2016). 7-point Likert.

Demographics: Age, gender, education, income, occupation,
urban/semi-urban/rural classification.

Survey administered in English and Telugu (bilingual state
language) via Qualtrics. Pilot test (n=35) confirmed
comprehension and scale reliability. Ethics approval obtained
from institutional review board; informed consent secured.

4.4 Data Analysis Plan

Step 1 — Descriptive Analysis: Demographics, platform
distribution, usage patterns. SPSS 28.0.

Step 2 — Scale Validation: Cronbach's alpha, Composite
Reliability (CR), Average Variance Extracted (AVE) via
Confirmatory Factor Analysis (CFA) in AMOS 26.0.
Acceptable thresholds: «>0.70, CR>0.70, AVE>0.50.

Step 3 — Hypothesis Testing: Structural Equation Modeling
(SEM) in AMOS to test direct, mediation, and moderation
paths. Model fit indices: CFI>0.90, TLI>0.90, RMSEA<0.08,
SRMR<0.08. Bootstrapping (5000 samples) for mediation
effects with 95% confidence intervals.

Step 4 — Moderation Analysis: PROCESS macro Model 1
(Hayes, 2018) in SPSS to test privacy concerns moderating
engagement—purchase intention.
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5. RESULTS

5.1 Sample Characteristics

Table 1 presents demographic profile. Sample balanced gender
(51.5% male), skewed young (68% aged 18-35), highly
educated (72% bachelor's degree or higher), and urban-
concentrated (64% Hyderabad metro, 23% semi-urban, 13%
rural-adjacent).

Step 5 — Robustness: Alternative specifications controlling for
age, education, income; sensitivity analysis excluding outliers.

Table 1: Sample Demographics (N=425)

Variable Category N %
Gender Male 219 | 51.5
Female 206 | 48.5
Age 18-25 157 ] 36.9
26-35 132 | 31.1
36-45 89 1209
46-55 47 | 111

Education High school 38 | 8.9
Bachelor's 226 | 53.2
Master's+ 161 | 37.9
Location | Urban (Hyderabad) | 272 | 64.0
Semi-urban 98 | 23.1
Rural-adjacent 55 1129

Source: Primary Data, 2025.

5.2 Platform Usage Patterns
WhatsApp dominates (98.6% users, mean 3.8 hours/day),
followed by Instagram (87.3%, 1.6 hours/day), YouTube

(84.9%, 1.9 hours/day), Facebook (76.2%, 1.1 hours/day),
Twitter/X (41.4%, 0.7 hours/day), LinkedIn (38.8%, 0.5
hours/day), ShareChat (29.2%, 0.4 hours/day).

Table 2: Platform Usage Metrics

Platform | % Users | Mean Hours/Day | Primary Purpose (%)
WhatsApp 98.6 3.8 Communication (89.2)
Instagram 87.3 1.6 Entertainment (62.4)
YouTube 84.9 1.9 Entertainment (71.8)
Facebook 76.2 1.1 Social connection (58.3)
Twitter/X 414 0.7 Information (64.1)
LinkedIn 38.8 0.5 Professional (87.2)
ShareChat 29.2 0.4 Regional content (78.5)

Source: Primary Data, 2025.

5.3 Measurement Model Validation:CFA results demonstrate
acceptable reliability and convergent validity. All factor

loadings exceed 0.60 (range 0.64-0.91, p<0.001). Cronbach's
alpha, CR, and AVE meet thresholds.

Table 3: Reliability and Validity

Construct Items | A CR | AVE
Collectivism 4 0.81 | 0.82 | 0.54
Individualism 4 0.78 | 0.79 | 0.50
Power Distance 5 0.83 | 0.84 | 0.52
Entertainment Motive | 4 0.86 | 0.87 | 0.62
Information Motive 4 0.82 | 0.83 | 0.55
Social Connection 4 0.84 | 0.85 | 0.59
Active Engagement 5 0.88 | 0.89 | 0.62
Passive Engagement | 3 0.79 | 0.80 | 0.57
Privacy Concerns 9 0.91 | 0.92 | 0.58
Purchase Intention 3 0.87 | 0.88 | 0.71

Source: Primary Data, 2025.
Discriminant validity confirmed via Fornell-Larcker criterion:
square root of AVE exceeds inter-construct correlations for all
constructs.

5.4 Structural Model and Hypothesis Testing

The structural model demonstrates good fit: ¥*(512)=1089.4,
p<0.001; CFI=0.923; TLI=0.915; RMSEA=0.052 (90% CI:
0.048-0.056); SRMR=0.061.

[
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Table 4: Structural Model Results (Standardized Coefficients)

Path B SE |p Result
Hla: Collectivism — Instagram preference 0.28 | 0.05 | <0.001 | Supported
Hla: Collectivism — YouTube preference 0.24 | 0.05 | <0.001 | Supported
H1b: Individualism — Twitter preference 0.31 | 0.06 | <0.001 | Supported
H2: Power Distance — Influencer engagement 0.19 | 0.05 | <0.001 | Supported
Collectivism — Social Connection motive 0.36 | 0.05 | <0.001 | —
Individualism — Self-expression motive 0.29 | 0.05 | <0.001 | —

H3 (mediation): Collectivism — Entertainment — Engagement 0.12 | 0.03 | 0.002 | Supported
H4 (mediation): Collectivism — Social Connection — Engagement | 0.15 | 0.03 | 0.001 Supported
HS5: Active Engagement — Purchase Intention 0.34 | 0.05 | <0.001 | Supported
HS5: Passive Engagement — Purchase Intention 0.11 | 0.05 | 0.028 | Weak support

Bootstrap mediation analysis (5000 samples) confirms
significant indirect effects for H3 (95% CI: 0.06-0.19) and H4
(95% CI: 0.08-0.22).

5.5 Moderation Analysis

PROCESS Model 1 tested privacy concerns moderating
engagement—purchase intention. Interaction term significant
(B=-0.21, SE=0.05, p<0.001, AR?*=0.06). Simple slopes
analysis reveals: at low privacy concern (+1SD),
engagement—purchase =0.42 (p<0.001); at high privacy
concern (-1SD), $=0.13 (p=0.042). H6 supported.

Figure 2: Moderation Effect of Privacy Concerns

Figure 2: Moderation Effect of Privacy Concerns

Purchase Intentions

ind FPrivecy

Platform Engagement (Low to High)

Low Privacy Concern (+1 SD)

5.6 Robustness Checks

Controlling for age, education, income, and urban/semi-urban
location does not substantively alter results (Appendix Table
Al). Alternative specifications (OLS regression) yield
consistent findings. Excluding outliers (+3SD on key variables,
n=11) strengthens effect sizes marginally.

6. DISCUSSION

6.1 Theoretical Contributions

This study advances digital consumer behavior literature in
three ways. First, by measuring individual-level cultural
orientation rather than presuming national homogeneity, we
demonstrate meaningful within-country variation in Telangana.
Collectivist-oriented respondents gravitate toward visually-
oriented, relationship-centric platforms (Instagram, YouTube),
while individualist-oriented users prefer text-based expressive
platforms (Twitter/X). This aligns with value-platform fit
propositions (Kim et al., 2019) but extends them to intra-

Mean Privacy Concearm

High Privacy Concarmn (-1 SD)

tentions weoake

national contexts, addressing calls for cultural heterogeneity
research (Dheer et al., 2019).

Second, mediation findings elucidate how culture influences
behavior. Entertainment and social connection motives mediate
cultural orientation effects on engagement, supporting U&GT's
relevance in cross-cultural contexts (Malik et al., 2016).
Notably, entertainment emerges as a pan-cultural motive,
whereas social connection aligns predominantly with
collectivism—suggesting some motives are culturally universal
while others are culturally contingent.

Third, privacy concerns' moderating role highlights trust's
critical function in converting engagement to purchase
intentions. This extends Krasnova et al. (2020) to Indian
contexts, where digital literacy gaps amplify privacy
sensitivity. Even highly engaged users exhibit purchase
reluctance when privacy concerns are salient, underscoring the
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need for platform transparency and data governance to
monetize engagement effectively.

6.2 Managerial Implications

For Platform Designers

Platforms should tailor interface features to cultural segment
preferences. Collectivist users value community-building tools
(group creation, collaborative content), visual storytelling
formats, and family-sharing capabilities. Individualist segments
respond to personalization algorithms, public profile visibility,
and content creation tools enabling self-branding. Regional
platforms like ShareChat succeed by integrating vernacular
content and community norms—global platforms must
similarly localize.

For Marketers

Advertising strategies should align with platform-culture-
motive fit. Instagram and YouTube campaigns targeting
collectivist segments should emphasize social proof, family
testimonials, and community endorsements. Twitter/X
campaigns targeting individualists should leverage thought
leadership, personal narratives, and innovation messaging.
Given entertainment's broad appeal, entertaining content
formats (reels, short videos, memes) drive engagement across
segments.

Crucially, addressing privacy transparently—through clear data
policies, opt-in controls, and visible security certifications—
mitigates purchase intention erosion. Brands that build trust
through responsible data practices will capture higher
conversion rates from engaged users.

For Policymakers

Findings underscore the need for digital literacy initiatives and
data protection regulations (beyond India's nascent
frameworks) to empower consumers and sustain platform
ecosystem trust. Regional diversity necessitates vernacular
policy communication.

6.3 Filling the Research Gap

Recall four identified gaps: (1) WEIRD samples, (2) single-
platform focus, (3) weak measurement, (4) limited emerging
market evidence. This study addresses all four. By sampling
Telangana with validated individual-level cultural scales,
comparing seven platforms, conducting rigorous CFA/SEM
with fit indices and reliability metrics, and hypothesis-testing
cultural moderation and motive mediation, we provide
reproducible, theoretically-grounded evidence from an
understudied but economically significant context. Results
confirm culture's explanatory power while revealing
heterogeneity obscured by national aggregates—advancing
both theory and practice.

7. LIMITATIONS AND FUTURE RESEARCH

Several limitations warrant acknowledgment. First, cross-
sectional design precludes causal inference; longitudinal panels
tracking platform adoption and cultural value evolution would
strengthen causal claims. Second, self-reported usage may
suffer recall bias; behavioral tracking data (API integrations)
would enhance accuracy. Third, sample skews urban and
educated, limiting generalizability to rural Telangana; quota
sampling across socioeconomic strata is needed. Fourth, we
measured expressed purchase intentions rather than actual

[

transactions; conversion funnel analysis linking engagement to
sales would validate findings.

Future research should explore additional cultural dimensions
(uncertainty avoidance, masculinity-femininity), examine
emerging platforms (TikTok-like short video apps), test cultural
change mechanisms (media exposure, peer influence), and
conduct cross-regional comparisons within India (Telangana
vs. Tamil Nadu vs. Punjab) to assess cultural convergence
versus persistence. Qualitative studies elucidating why specific
motives resonate with cultural orientations would enrich
theoretical understanding.

8. CONCLUSION

This study illuminates the intricate interplay between cultural
orientation, usage motives, platform preferences, and purchase
intentions among social media consumers in Telangana, India.
By applying individual-level cultural measures, multi-platform
analysis, and rigorous SEM methodology, we demonstrate that
even within a single Indian state, cultural heterogeneity
meaningfully shapes digital behavior. Collectivist users favor
visually-oriented  relationship  platforms and passive
consumption; individualists prefer expressive text platforms
and active creation. Entertainment and social connection
motives mediate these relationships, while privacy concerns
moderate commercial outcomes.

These findings hold substantial implications for platform
strategy, marketing practice, and policy development in India's
booming digital economy. As emerging markets drive global
social media growth, understanding cultural nuance—not just
national stereotypes—becomes imperative. This research
provides a roadmap for culturally-informed platform design
and targeted digital marketing, ultimately enhancing user
experience and commercial effectiveness in the world's largest
social media market.
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APPENDICES

Appendix A: Survey Instrument (Key Items)
Cultural Orientation (Individualism-Collectivism)
e [ prefer working in teams rather than working alone. (COL)

e [ value personal achievement more than group harmony. (IND)

e Family decisions are more important than individual preferences. (COL)

Power Distance

e  Authority figures should be respected unconditionally.
e Decisions made by leaders should not be questioned.
e Social hierarchy is a natural part of society.

I like being different and standing out from others. (IND)

Usage Motives Entertainment: "I use social media to have fun / pass time / be entertained / relax" Information: "I use social media
to learn new things / stay informed / search for information" Social Connection: "I use social media to stay in touch with friends /
meet new people / strengthen relationships"

Engagement Behaviors Active: "How often do you: post original content / comment on others' posts / share content / create
stories" Passive: "How often do you: browse feeds / watch videos / like posts"

Privacy Concerns (IUIPC - Sample)
e It bothers me when companies ask for personal information.

e T am concerned about how platforms use my data.
e Platforms should have better privacy controls.

Purchase Intention
e T am likely to purchase products I see advertised on social media.

e Social media ads influence my buying decisions.

e [ trust product recommendations from social media influencers.

Demographics: Age, gender, education, monthly income, location type, occupation
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Appendix B: Variable Codebook

Variable Name Type Scale Description

Collectivism Continuous | 1-7 Mean of 4 items measuring collectivist orientation
Individualism Continuous | 1-7 Mean of 4 items measuring individualist orientation
PowerDistance | Continuous | 1-7 Mean of 5 items measuring power distance acceptance
EntertainMotive | Continuous | 1-7 Mean of 4 entertainment motive items

InfoMotive Continuous | 1-7 Mean of 4 information-seeking motive items
SocialMotive Continuous | 1-7 Mean of 4 social connection motive items
ActiveEngage Continuous | 1-7 Mean of 5 active engagement behavior items
PassiveEngage | Continuous | 1-7 Mean of 3 passive engagement behavior items
PrivacyConcern | Continuous | 1-7 Mean of 9 IUIPC items

Purchaselntent | Continuous | 1-7 Mean of 3 purchase intention items

InstaPref Binary 0/1 Primary platform preference: Instagram
YouTubePref Binary 0/1 Primary platform preference: YouTube

TwitterPref Binary 0/1 Primary platform preference: Twitter/X

Age Categorical | 1-4 1=18-25, 2=26-35, 3=36-45, 4=46-55

Gender Binary 0/1 0=Female, 1=Male

Education Categorical | 1-3 1=High school, 2=Bachelor's, 3=Master's+
LocationType Categorical | 1-3 1=Urban, 2=Semi-urban, 3=Rural-adjacent

Appendix C: Robustness Checks
Table Al: Regression Models with Controls

DV: Purchase Intention | Model 1 | Model 2 | Model 3
Active Engagement 0.34%*** | (0,32%** | (.30%**
(0.05) (0.05) (0.05)
Privacy Concern -0.18%** | 0. 17*** | -0.16**
(0.05) (0.05) (0.05)
Age — -0.06 -0.05
(0.04) (0.04)
Education — 0.08 0.09
(0.05) (0.05)
Income — — 0.04
(0.04)
Urban vs Semi-urban — — -0.02
(0.06)
R2 0.24 0.26 0.27
AR? — 0.02 0.01

Note: Standardized coefficients. Standard errors in parentheses. *p<0.05, **p<0.01, ***p<0.001
Results remain substantively consistent across specifications, supporting robustness.
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