
SJIF Impact Factor (2025): 8.539 |Journal DOI: 10.36713/epra0212                                                    ISSN: 2277–3142   

International Journal of Indian Economic Light (JIEL) - Peer-Reviewed Journal  

Volume: 13   | Issue: 2 | March  2025 

 
 

 

                                                 2025 EPRA JIEL    |     https://eprajournals.com/  |    Journal DOI URL: https://doi.org/10.36713/epra0212       1 

THE IMPACT OF SENTIMENT ANALYSIS AND AI IN 
STOCK PRICE PREDICTION 

 

Mr. Konda Naveen Kumar Goud1, Dr. G.Ramesh2 

1Student of MBA, Department of Management Studies, 

Vardhaman College of Engineering, Shamshabad, Hyderabad. Telangana 
2Associate Professor, Department of Management Studies, 

Vardhaman College of Engineering, Shamshabad, Hyderabad. Telangana. 
 

Article DOI: https://doi.org/10.36713/epra20413 

DOI No: 10.36713/epra20413 
 

ABSTRACT 
Stock price prediction owes much to sentiment analysis and AI, which offer a holistic view of market sentiment 
and pattern detection in massive datasets. Through sentiment analysis, textual data is processed from various 
sources, such as social media, news articles, and financial statements, to capture the public's mood toward a 
company or the market in general. Such insights are then used to develop an understanding of stock price 
movements from the perspective of investor behaviour and market trends; this gives credence to traditional modes 
of analysis. Machine learning algorithms and neural networks in AI serve to analyze the vast datasets, finding 
previously unknown patterns, thus enhancing the prediction of stock price values. AI can sift through enormous 
volumes of historical price data, economic indicators, and other information of pertinent interest to an analyst. 
Identification of complex patterns and interrelationships among the data could potentially enhance the accuracy 
of predictions. Adaptability is where AI scores above any traditional mechanism. 
Design/Methodology/Approach 
The design involves a comprehensive approach for the study of the effects of sentiment analysis and AI on stock 
price predictions. First, it involves the collection of an integrated dataset of historical stock prices, social media 
posts, news articles, and financial reports. It then involves the development of various sentiment analysis models 
such as natural language processing (NLP) algorithms for interpreting data, classifying, and quantifying the 
sentiment of the expressed text. The sentiment analysis model needs to be first trained on labeled data so that it 
can identify sentiment on different text data into three likely classes-positive, negative, or neutral. After that, the 
models employing AI, including machine learning and deep learning algorithms, are used to analyze correlations 
and relationships of sentiment data with stock price movements, targeting the learning of future patterns and 
correlations from input as sentiment data for the prediction of future stock prices. The last step entails comparing 
the performance using metrics such as accuracy, precision, and recall and contrasting the results against outdated 
models for stock price predictions. 
Findings 
Research conducted recently on sentiment analysis and artificial intelligence about stock price prediction gave 
some major findings. AI models, particularly those that have a link to sentiment analysis, increased the predictive 
accuracy beyond traditional models, and hybridized models using classical machine-learning techniques and state-
of-the-art deep learning technologies, such as LSTM networks and gated recurrent units, have performed 
excellently. This is because sentiment analysis is a method whereby textual data from news articles and social 
media sources are converted into sentiment scores-that is transformed into simple numbers from complex 
emotions-to improve the predicative ability of the models on capturing the emotional bias in the market towards 
the events. Some of the performance metrics that have even proven how AI models can be superior in stock price 
prediction applications include its accuracy, precision, recall, F1 score, and ROC AUC. However, complex models 
like FinBERT might not be the best choice overall compared to the simpler model Logistic Regression in lighting 
efficiency versus accuracy. Therefore, continuous monitoring and updating of models with new data are essential 
to their relevance and accuracy over time. 
Originality 
The innovation of utilizing sentiment analysis and AI for forecasting stock price is the interesting amalgamation 
of modern-day natural language processing (NLP) models like FinBERT and GPT-4 with time-tested machine 
learning procedures such as Logistic Regression. The hybridization yields predictability enhancement, resulting 
in a greater understanding of market sentiments through textual data analysis of sources such as news articles 
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and social media. The research stresses the applicability of the training of market language models in assessing 
nontrivial financial data, illustrating how sentiment analysis could largely contribute towards stock price 
prediction. Then, there is comparative analysis between the models-the strengths and limitations of various AI 
approaches; hence, some future work ideas and innovations are suggested in areas of AI-based analytics for 
financial issues. 
Research Limitations 
Research into the effects of sentiment analysis and AI on forecasting stock price in future yields many limitations. 
The first constraint is the fact that the intensity of sentiment analysis is entirely dependent on the quality and 
relevant noise and biases contained in textual data sources (for example, news articles and social media posts). Of 
course, ajik, the rapidly fluctuating nature of financial markets means the approach demands continuous resource-
intensive updating with new data in order to remain of any relevance. Furthermore, the sophisticated and 
computationally intensive requirements of highly advanced AI architectures like FinBERT and GPT-4 can limit 
them by practicality for real-time predictions. Furthermore, there will be ethical considerations like the potential 
to manipulate markets and privacy issues that need to be addressed for responsible use of AI in financial markets. 
Practical Implications 
The practical dimension of sentiment analysis and AI being applied to stock price prediction is an area of 
importance not only to investors but to financial institutions as well. Whenever the investors can predict the 
movement of stock prices with higher accuracy, they can thus consider their options in making investment 
decisions, leading to a higher profit or reduced risk. On the other hand, financial institutions can learn from such 
insights to better develop trading strategies, optimize management portfolios, and analyze the market. Sentiment 
analysis can also detect trends and shifts in investor sentiment, ensuring an additional edge in this fast-paced 
financial terrain. 
Social Implications 
The social implications of sentiment analysis and AI in predicting stock prices assume several facets. One is that 
both afford potential democratization of financial insight, thus allowing the individual investor to make more 
informed decisions and perhaps to realize better returns. Such democratization may engender increased financial 
inclusion and empowerment. On the flip side, worries about market manipulation and the legit use of AI arise. 
Advanced algorithms could easily be leveraged to manipulate stock prices. Then again, dependence on AI and 
sentiment analysis might cause a job loss in conventional financial analysts, which means advanced training of 
the workforce. These technologies have a lot of good to offer. With that comes the responsibility of considering their 
social ramifications. 

KEYWORDS: Stock market, Sentiment analysis, Artificial intelligence, Machine learning, Natural language 
processing, Predictive models, Behavioural finance, Market trends. 

 
INTRODUCTION 
Until now, stock markets have very rich and fascinating environments; however, predicting prices is still a difficult 

endeavor. Technical and fundamental analyses have long served as useful tools for decades for prospective 

investors. With recent technology growth, especially sentiment analysis and artificial intelligence, there has been 

a paradigm shift into the way stock price predictions are being made. These modern ways also provide novel 

insights into market behavior and investor sentiment, giving some of the edge to these investors who wish to 

traverse the stock market's complexity. Sentiment analysis often termed opinion mining, is the process of 

analyzing text data obtained from multiple sources to assess the public mood towards a particular stock or towards 

the market in general. By analyzing social media comments, news articles, and financial documents, together with 

other forms of communication, sentiment analysis algorithms help assess overall sentiment: positive, negative, or 

neutral. This whole sentiment assessment does matter because it gives credence to the mood of the common bulk 

of investors, adding weight to the stock price predictions. For example, to see stock prices rise on an uptrend 

would be a positive sentiment surge coming from an earnings report, while, conversely, a negative sentiment 

towards a stock from a scandal could certainly make the price drop. Whereas, in the other way, artificial 

intelligence relies on machine learning algorithms and neural networks to assess vast amounts of data and mine 

the intricate patterns buried in data that are often invisible to human vision. AI models can work with historical 

price data, economic indicators, company fundamentals, and other relevant datasets to improve accuracy in their 

stock price predictions. These models learn on-the-go because they are updated with new data, making them 

worthy contenders that can catch the fast-changing stock market trends. AI helps investors with data-driven 

insights, giving an edge over decisions made purely on intuition or experience. AI and sentiment analysis 

complement each other and augment the predictive power, with sentiment analysis scores becoming additional 

features for the AI model. Hence, analysts can grasp the significance of market sentiment with regard to stock 
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prices. Thus, the abovementioned combined approach presents a more integrated view of the market that captures 

quantitative data as well as qualitative insights. The combining of work done in the areas of sentiment analysis 

and artificial intelligence leads to increased power and reliability in predictions, empowering investors to counter 

market movements with intelligent decisions. Thus, to conclude, generally speaking, sentiment analysis and 

artificial intelligence have revolutionized stock price predictions. These two technologies allow unparalleled 

insight into market sentiment and behavior, putting investors ahead of the pack. As financial markets continue 

evolving, the importance of harnessing advanced analytical tools can never be overstated. With these advanced 

tools together with sentiment analysis and AI in their manipulable hands, investors will stroll with extra confidence 

and accuracy through the complexities of the stock market and thus have more chances for financial successes." 

 

REVIEW OF LITERATURE 
Mariam Moukalled Wassim El-Hajj Mohamad Jaber (2024) Automated trading systems (ATS) use 

mathematical models, machine learning, and news sentiment to predict stock prices and execute trades. Research 

shows news sentiment significantly impacts stock prices, and machine learning techniques like Support Vector 

Machines (SVM) are effective in stock prediction. Combining news sentiment with machine learning models 

improves prediction accuracy. Your project aims to enhance stock prediction and profitability by integrating these 

methods, aligning with recent advancements in trading strategies. 

 

Wei Xu, Jianlong Chen, and Jue Xiao (2024) AI, especially boost-based methods, has greatly improved stock 

price forecasting. This article discusses using hybrid stacking ensemble learning to predict stock trends with the 

Google stock price dataset, incorporating models like XGBoost, CatBoost, and LightGBM, and using Lasso 

regression as the meta-learner. The algorithm leverages hidden market patterns to enhance prediction accuracy 

and outperform traditional models. This approach captures real-world market dynamics, improving forecasting 

accuracy and giving a competitive edge in stock prediction. 

 

Rithesh Harish Bhat Bhanu (2024) JainThis study shows that emotion analysis of financial news headlines can 

predict stock price movement without needing financial data. Using an API to retrieve news headlines and a 

Distilled LLM Model for emotion analysis, the study demonstrates that news sentiment alone can predict stock 

prices as accurately as traditional methods. 

 

Thendo Sidogi , Rendani Mbuvha , Tshilidzi Marwala (2024) This paper examines the impact of financial news 

headline sentiment on stock price prediction using LSTM networks. Sentiment analysis is performed with 

FinBERT, a model fine-tuned for financial news. The study compares models using historical stock price data 

alone, with sentiment data from both the original BERT and FinBERT models. Results show that FinBERT-based 

sentiment features significantly improve prediction accuracy and outperform general BERT features, highlighting 

the benefits of domain-specific fine-tuning for large language models. 

 

Xiaodong Li  · Pangjing Wu (2021)The proposed framework enhances stock prediction by incorporating market 

styles. It uses technical indicators and news sentiment features, clusters data windows to categorize market styles, 

and employs a distance measurement for pattern recognition. Experiments with Hong Kong Stock Exchange data 

show a 9% improvement in accuracy and F1-score when using market styles, and backtesting reveals increased 

profits for trading strategies. 

 

Kavyashree Ranawat Stefano Giani (2021) This study aims to predict stock market movements using tweets 

with an LSTM Neural Network, initialized with Stanford's GloVe embeddings. An augmentation strategy splits 

each input sequence into 150 subsets, and hyperparameter optimization is performed to improve the model. By 

assessing variations in dropout rate, batch size, and LSTM hidden state output size, the optimal configuration (0.4 

dropout, 8 batch size, 100 hidden units) achieves the best performance on the validation dataset. 

 

Payal Soni , Yogya Tewari  and Prof. Deepa Krishnan (2021) paper examines various AI algorithms used to 

predict stock prices, including traditional machine learning, deep learning, neural networks, and graph-based 

approaches. It provides a detailed analysis of these techniques, their application in predicting short-term and long-

term market movements, and discusses the challenges and future scope in this field. 

 

Trang-Thi Ho * and Yennun Huang (2021) Predicting stock price movement is complex due to various factors 

such as industry performance, economic variables, investor sentiment, company news, and social media sentiment. 

Machine learning algorithms can utilize historical data, candlestick-chart data, and social media data for 

predictions. However, relying on a single classifier is challenging. This study proposes a multichannel 
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collaborative network that integrates candlestick-chart data and social media data for stock trend predictions, 

aiming to enhance prediction accuracy by leveraging multiple data sources. 

Shengting Wua, Yuling Liua, Ziran Zoub and Tien-Hsiung Wengc (2021) This paper proposes a stock price 

prediction method called S_I_LSTM, which integrates multiple data sources and investor sentiment. The approach 

involves crawling and preprocessing stock historical data, technical indicators, stock posts, and financial news. 

Sentiment analysis is conducted using a convolutional neural network to calculate investor sentiment. By 

combining sentiment index, technical indicators, and stock historical transaction data, the method uses a Long 

Short-Term Memory (LSTM) network for predicting the China Shanghai A-share market. Experiments show that 

the predicted stock closing price is more accurate than traditional methods, with validation on real data sets of 

five listed companies. 

 

Pramod B S, Mallikarjuna Shastry P. M (2020) .Project aims to predict stock prices using machine learning 

techniques, specifically a Long Short-Term Memory (LSTM) recurrent neural network. The LSTM network 

adjusts weights for each data point using stochastic gradient descent, providing more accurate predictions 

compared to existing algorithms1. The system is trained and evaluated with various input data sizes to demonstrate 

its effectiveness graphically. 

 

Isaac Kofi Nti1, ,Adebayo Felix Adekoya, Benjamin Asubam Weyori (2020) This study explores stock market 

prediction using an Artificial Neural Network (ANN) by examining public sentiments from web news, financial 

tweets, Google trends, and forum discussions. Using data from the Ghana Stock Exchange (2010-2019), the study 

predicts stock prices for various time windows. The findings show that combining multiple data sources improves 

prediction accuracy and establishes a direct association between stock market behavior and social media. The 

study suggests investors use web financial news, tweets, forum discussions, and Google trends to predict future 

stock price movements and design effective investment plans. 

 

Shilpa Gite, Hrituja Khatavkar, Ketan Kotecha, Shilpi Srivastava, Priyam Maheshwari and Neerav Pandey 

(2020) This paper proposes a method to predict stock prices using a combination of machine learning techniques 

and Long Short Term Memory (LSTM) networks. Recognizing the complexity and volatility of the stock market, 

the study emphasizes the impact of news sentiment on trading patterns. By incorporating both technical analysis 

and sentiment derived from news headlines, the LSTM model aims to improve prediction accuracy. The LSTM 

network leverages historical stock data and sentiment to create a more precise predictive model. 

 

Rui Ren , Member, IEEE, Desheng Dash Wu (2019) This paper examines the influence of investor sentiment 

on stock market prediction. By integrating sentiment analysis into a Support Vector Machine (SVM) model and 

considering the day-of-week effect, more reliable sentiment indexes are constructed. The study shows that 

incorporating sentiment variables increases the accuracy of predicting the SSE 50 Index's movement direction. 

Results suggest that sentiment 

 

Xiaodong Lia, Haoran Xiea,⇑, Li Chenb, Jianping Wanga, Xiaotie Deng (2014)This paper evaluates the 

impact of financial news sentiment on stock price prediction. Using Harvard and Loughran-McDonald sentiment 

dictionaries, the study constructs a sentiment space for news articles and tests six models within a generic stock 

price prediction framework. Experiments with five years of Hong Kong Stock Exchange data show that models 

incorporating sentiment analysis outperform those using bag-of-words approaches, while models using sentiment 

polarity are less effective. Results also indicate minor differences between the two sentiment dictionaries used. 

 

Xiaodong Lia, Haoran Xiea,⇑, Li Chenb, Jianping Wanga, Xiaotie Dengc(2014) This paper shows that 

financial news sentiment affects stock prices. Six models using sentiment analysis are compared to bag-of-words 

models. Using sentiment dictionaries, the study projects news articles into a sentiment space. Experiments with 

Hong Kong Stock Exchange data show that sentiment analysis models outperform bag-of-words models, while 

sentiment polarity models are less effective. Minor differences are found between the sentiment dictionaries used. 

 

STATEMENT OF THE PROBLEM 
The problem that sentiment analysis and artificial intelligence address with regard to stock price prediction is 

basically on the traditional problems faced by an investor and financial analyst. For an accurate prediction of stock 

price movement, it would be a very complex and uncertain task, given the multiplicity of factors affecting the 

market, that is, economic indicators, company performance, geopolitical events, and investor sentiment. 

Traditional models fall short in truly understanding the dynamics underlying market sentiment and the effect that 

it has both on stock prices and price formation. Sentiment analysis and AI would merge that gap by applying the 
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most recent natural language processing (NLP) techniques and machine learning algorithms to analyze large 

amounts of textual data including news articles, social media text, and financial reports. By addressing this 

challenge, we will be able to make informed decisions and manage risks in the rough-and-tumble arena of financial 

markets more accurately and on time. 

 

RESEARCH GAP 
Sentiment analysis and AI's implications for stock price prediction see a research gap owing to the infrequent 

integration of sentiment data with other predictive factors. Most of the relevant studies concentrate solely on social 

media sentiment, ignoring alongside these examples many other usually important factors such as economic 

indicators, company performance metrics, and geopolitical events. There is also a pressing need for new models 

that will accurately grasp the degrees of subtlety represented in human emotions, as well as irony or sarcasm, in 

text form. Then, the training and deployment of these configurations will require huge computational resources, 

thus making them farther out of the reach of smaller organizations or individual investors. Hence, the closure of 

these gaps may lead to stronger and likely more accurate stock price prediction models. 

 

STUDY OBJECTIVES 

• To explore integrating sentiment analysis and AI in stock price predictions. 

• To evaluate the accuracy of AI-driven predictions versus traditional methods. 

• To analyse case studies of successful applications in financial markets. 

 

HYPOTHESIS OF THE STUDY 
H0: There is no integrating of sentiment analysis and ai in stock price prediction 

H1: There is a integrating of sentiment analysis and ai in stock price prediction 

H0: There is no impact of enhancing sentiment analysis and ai in stock price prediction 

H1: There is an impact of enhancing sentiment analysis and ai in stock price prediction 

 

RESEARCH METHODOLOGY 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

DATA COLLECTION 
 The starting point of this research is the collection of massive amounts of data from a variety of sources. Text 

data for the purpose of sentiment analysis are collected from social media, news articles, financial reports, and 

forums. This is data that represents the feeling of the people and investors. In order to train AI models, historical 

stock price data, economic indicators, company financials, and some other data that could be relevant are 

            Data quality 

            Emotion and Tone 

            Human Bias 

     Time sensitive information 

          Contextual understanding 

            Sarcasm and irony 

         Artificial Intelligence         Sentiment Analysis 
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collected. The data is then subjected to preprocessing to enhance the quality and consistency of the data, involving 

different processes like cleaning, normalization, and transformation of the data.  

Sentiment Analysis Methodology: The text data are preprocessed using Natural Language Processing (NLP) 

techniques. The techniques include tokenization, stemming, and stop word removal to prepare the text for analysis. 

Sentiment classification models such as Support Vector Machines (SVM), Naive Bayes, or deep learning models 

such as LSTM (Long Short-Term Memory) networks are applied to classify sentiment as positive, negative, or 

neutral. The end result is a sentiment score reflecting the generalized outlook of the market towards a particular 

stock or the market in general.  

 

AI Methodology: Machine learning algorithms and neural networks are applied to the analysis of the datasets 

that were collected. Feature engineering is critical, where after identifying the relevant features, they are 

transformed to achieve greater predictive capability. AI models are then trained to discover the patterns and 

relationships in the data, including neural networks, decision trees, and reinforcement learning algorithms. 

Hyperparameter tuning and cross-validation then help in model optimization of the performance. After controlling 

and training, the AI model can predict future stock prices based on new input data, learning and adapting to market 

changes.  

 

Integration of Sentiment Analysis and AI: Integration entails feeding AI models with sentiment scores as 

additional features. This hybrid methodology allows the model to better capture the influence of market sentiment 

on stock prices. Ensemble learning techniques, which combine multiple models to improve predictive 

performance, are often used in this combined approach. The last model is validated using backtesting-on historical 

data to simulate model performance in real market conditions.  

 

Evaluation and Implementation: The model uses MAE, RMSE, and accuracy to evaluate its performance. A 

robust data pipeline is developed to collect, preprocess, and integrate different data sources, ensuring real-time 

feeds for timely information. Continuous monitoring and periodic retraining are necessary for the model to remain 

accurate and cope with evolving market conditions. The effectiveness of the combined approach is evaluated 

against traditional methods and through following the model's performance over time in real-world trading 

conditions. This research and methodology framework will ensure robust and reliable stock price prediction based 

on sentiment analysis and AI. 

 

LIMITATIONS OF THE STUDY 
The limitations of the research impact related to sentiment analysis and artificial intelligence in stock price 

predictions. First of all, two main issues with the interpretation of the models mainly revolve around understanding 

the emotional aspects and recognizing sarcasm, which may lead to a severe case of misclassification. Most of 

them are trained with historical data that do not determine future market behaviour, seeing as it is not just a fixed 

phenomenon but instead a highly volatile entity. The dependence on text material purely from social media-

influenced sources has its other limitation. Integrating sentiment data with other predictive factors like economic 

indicators and company performance is another challenge. Additionally, the costs of computation for training 

advanced AI models and deploying them are huge and may become barriers to smaller organizations or individual 

investors. 

 

ANALYSIS AND DISCUSSION 
New avenues for understanding the market's behavior in order to make sound investment decisions have been 

opened by the integration of sentiment analysis and AI into stock price prediction. The analysis of sentiments from 

social media, news articles and financial reports among other channels provides valuable avenues to take a glimpse 

into the collective mood and opinions of investors. This analysis, which is qualitative, complements the 

capabilities of quantitative analysis by AI, thus becoming a powerful tool in predicting stock price movements 

One finding is that market sentiments are significantly influencing stock prices. Positivity or favourable news 

about a company's earnings or product launches drives stock price upward because it boosts demand and 

encourages investor confidence. On the other hand, negative sentiments such as scandals and poor performance 

in business can make stocks to drop significantly. If converted by way of sentiment analysis algorithms, this 

sentiment can help investors anticipate the markets easily, making investing decisions much more strategic 

because of the foresight. AI showed in stock price prediction its huge ability to process and analyze enormous 

amounts of data within the context of a very high accuracy. Other machine learning models, such as neural 

networks and decision trees, displayed remarkable capability in establishing patterns and correlations within 

historical price data, economic indicators, and other relevant datasets. With continuous learning and adaptation, 
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AI models always stay up to date and become even more effective within the ever-changing market environment. 

This aspect of adaptability becomes critical toward maintaining those accurate and relevant predictions over time. 

The approach inducted by sentiment analysis and AI should give a more complete understanding of market 

dynamics. This can be achieved by importing the sentiment scores into their AI model so that analysts have a firm 

understanding of both quantitative data and qualitative insights on stock prices: it revolutionized the predictive 

power of such models, thereby providing a holistic view of market behavior. Moreover, deriving predictions using 

ensemble learning techniques can make them even more robust and reliable, since multiple models are combined 

to improve performance. This role of sentiment analysis and AI in stock price prediction changes the landscape 

for investors by offering them better meaning from price movements and prediction accuracy into much larger 

depths. In analyzing both the quantitative and qualitative components of sentiment, buy-and-sell signal would 

provide richer granularity for evaluating market trends and investor perspectives. With technology advancing, the 

role of sentiment analysis with AI will be prominent in future investment strategies as it prepares investors to take 

on financial markets with more confidence and accuracy. 

 

INTERPRETATION 
The research study that relates to the application of both sentiment analysis and AI in predicting stock prices offers 

very many interpretations of how these technologies will transform the financial market. Integration of sentiment 

analysis and AI models has been shown to provide better and earlier predictions of stock price movements. This 

integration captures the emotional and psychological factors behind the market behaviour that are usually 

neglected by the traditional models. This study sheds light upon the importance of hybrid models that integrate 

traditional machine learning with deep learning approaches. Such models increase predictive accuracy but also 

explain the whole market dynamics with the processing of big volumes of text data of news articles and social 

media. In addition, this research emphasizes real-time data stream integration and continuous learning methods 

as adaptable tools within today's constantly changing financial environment. It also identifies some of the issues 

associated with computational complexity, quality of data, and ethical consideration in market manipulation and 

privacy. Practice in the current context would lead to the development of all of these capabilities by way of 

application of automated sentiment analysis and AI, thus generally improving the financial decision-making 

process dealt with by investors, financial institutions, and policy makers. There is the possibility of future research 

also to try to remedy the limitations and make these technologies usable responsibly and ethically in the financial 

domain. 

 

CONCLUSION 
The analysis of sentiment analysis and artificial intelligence on stock prices indicates that great utility will be 

possible with these types of technologies in future forecasts for all fronts in finance. By augmenting sentiment 

from news articles and social media to model building in AI, researchers have shown better predictive capabilities 

than tradition. It especially highlights hybrid models incorporating both machine learning and deep learning, 

capturing the most of emotional and psychological forces affecting market realities. Although there are obstacles 

such as data quality, computational complexity, and ethics, the expected benefits for the investor community and 

financial institutions are immense. It emphasizes the need for continuous updates and real-time data integration 

to stay up-to-date with market volatility dynamics. Decision-making augmentation combines both sentiment 

analysis and artificial intelligence on a financial level, with really interesting and novel insights into investment 

strategies that can be applied toward better market outcomes. 

 

REFERENCES 
1. "Sentiment Analysis and Opinion Mining" by Bing Liu Liu, B. (2012). Sentiment Analysis and Opinion Mining. 

Morgan & Claypool Publishers. 
2. "Machine Learning for Asset Managers" by Marcos López de Prado López de Prado, M. (2018). Machine 

Learning for Asset Managers. Cambridge University Press. 
3. "Artificial Intelligence in Finance" by Yves Hilpisch: Hilpisch, Y. (2020). Artificial Intelligence in Finance. 

O'Reilly Media. 
4. "Financial Market Analysis" by David Blake Blake, D. (2000). Financial Market Analysis. Wiley. 
5. "Data Science for Finance" by Sergio M. Focardi, Frank J. Fabozzi, and Carsten When Focardi, S. M., Fabozzi, 

F. J., & Wehn, C. (2021). Data Science for Finance. Wiley. 
6. "Quantitative Finance For Dummies" by Steve Bell  Bell, S. (2015). Quantitative Finance For Dummies. Wiley. 
7. "Financial Machine Learning" by Marcos López de Prado López de Prado, M. (2018). Financial Machine 

Learning. CRC Press. 
8. "The Handbook of Corporate Financial Risk Management" by Stanley Myint and Fabrice Famery Myint, S., 

& Famery, F. (2011). The Handbook of Corporate Financial Risk Management. Risk Books. 

https://eprajournals.com/

